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H@35 N@5 H@10 N@10 H@ 5 N@5 H@l0 N@l0 H@5 N@5 H@10 Na@l0
Caser 00116 0.0072 00194 0.0097 0.0205 0.0131 0.0347 0.0176 | 00166 0.0107 0.0270 0.0141
HGN 00189 0.0120 0.0313 0.0159 | 0.0325 0.0206 0.0512 0.0266 | 0.0321 0.0221 0.0497 0.0277
GRU4Rec | 0.0129 0.0086 0.0204 0.0110 | 0.0164 0.0099 0.0283 0.0137 [ 0.0097 0.0059 0.0176 0.0084
BERT4Rec | 00115 0.0075 0.0191 0.0099 | 0.0203 0.0124 0.0347 0.0170 | 00116 00071 0.0203 0.0099
FDSA 0.0182 0.0122 00288 0.0156 | 0.0267 0.0163 0.0407 0.0208 | 0.0228 0.0140 0.0381 0.0189
SASRec 0.0233 0.0154 0.0350 0.0192 | 0.0387 0.0249 0.0605 00318 | 0.0463 0.0306 0.0675 0.0374
S3-Rec 0.0251 0.0161 0.0385 0.0204 | 0.0387 0.0244 0.0647 0.0327 | 00443 0.0294 0.0700 0.0376
Ps 0.0387 0.0312 0.0460 0.0336 | 0.0508 0.0379 0.0664 0.0429 | 00648 0.0567 0.0709 0.0587
RSL 0.0392 0.0330 0.0512 0.0375 0.0508 0.0381 0.0667 0.0446 | 0.0676 0.0583 0.0712 0.0596
POD 0.0497 0.0399 0.0579 0.0422 | 00559 0.0420 0.0696 0.0471 | 0.0692 00589 0.0749 0.0601
Ours 0.0505 0.0408 0.0596 0.0433 | 0.0601 0.0461 0.0743 0.0504 | 00723 0.0593 0.0802 0.0605

Impv (%). 1.6 2.2 28 2.5 7.5% 9.8* 6.7* 7.1* 4.4+ 0.6 7.1% 0.7

p-value 6.3e-1  S.le-1 2.7e-1  3.8e-1 8.1e-3 24e-3  2.1e-2  2.5e-2 1.0e-2  5.8e-1 1.7e-5 5.9e-1
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(1) Keyword identification
Context sentence Candidate definitions & Example sentence
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[AS] The sodial and intellectual <d>world <d>. [SEP] <def>peoplein ... sharedinterest.  <def>the world of scholarship and sdence.
0o 1 2 3 4 5 6 78 9 10 11 1. 23 24 25 26 2728 29 30 31 R B

<def>peoplein... asawhole.  <def>heisa herointhe eyesof the public.  <def>belonging to the modern erg; since the Middle Ages.  [SEP]
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Candidate definitions & Example sentence Context definitions

Masked attention } i
[asl ] I ith weick
The sodial and intellectual <c>world <fd>. S s The social and intellectual <t>world </d>.
[SEP] I
<def>peoplein ... sharedinterest.  — = <def>peoplein ... shared interest .
<def>the world of scholarship and sdence. o) B @ <H>the world of :hdlarsip and s:len:e
<def>people in ... asawhole. = <def>peoplein ... asawhole.
<def>he is a hero in the eyes of the public. = ?; : @ <’i‘!>heisa hi-ointheeysofthepdliic
<def>belonging to the modern era; since the Middle Ages. % <def>belonging to the modern era; since the Middle Ages.
=1
" % 3
) Trar 1 A
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i peoplein ... shared interest .  <def>peoplein ... asawhole. <def>..public. = <def>..Ages. [SEP]
[AS] Thesodal and intellectual <d>world </ cb>. [SEP]| <def> 7 1 2.. 13 14 15 23 24 25..282627 28 29 .. 39 40 4 .. 5152 53
A
10 9 8 7 6 5 4 32 1 0 [ 1
<def>  the world of scholarship and sdence .
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Dev Set Test Sets Concatenation of all Datasets

Model SE7 | SE2 SE3 SEI3 SEI5 | Noun Verb Adj Adv ALL
MFS-SemCor 54.5 05.6  066.0 63.8 67.1 67.7 498 73.1 80.5 65.5

SVC (hypernyms) 69.5 TS 774 76.0 78.3 796 659 795 855 76.7
GlossBERT 72,9 Trd: 952 76.1 80.4 798 67.1 796 874 77.0
ARES 71.0 78.0 77.1 78.7 75.0 80.6 68.3 805 83.5 77.9
EWISER 71.0 789 784 78.9 79.3 81.7 663 812 858 783

:& BEM 74.5 79.4 77.4 79.7 81.7 81.4 68.5 83.0 87.9 79.0
¥ WMLC 72.2 784 778 76.7 78.2 80.1 67.0 805 862 776
:; HCAN - 72.8 703 68.5 72.8 727 582 774  84.1 71.1
KELESC 76.7 82.2 78.1 82.2 83.0 84.3 69.4 840 86.7 81.2
SACE 76.3 82.4 811 82.5 83.7 84.1 72.2  86.4 89.0 81.9
ESCHER 76.3 81.7 77.8 82.2 83.2 839 693 838 867 80.7
ConSec 774 | 823 799 832 852 | 854 708 840 873 82.0
Pconan 79.8 838 811" 839 847" | 856 738 848 89.0° 83.0
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EMFERAEBETILENRAL, SN ET 52ty FZEEMAERL TL=DIZHL,
AARFAANTFRAMMIEOETETLEHRET SRICHBREEET S RTRTAEY,
AFEF BULETOVTFEAVDZEICEYETILOMBAEEZITOTLNS.

& Static Prompt

this location 1s super The input is "this location is super busy and really could use
busy and really could gl double the staff.” Rewrite the input with positive sentiment
use double the stall, while preserving the sentiment-free content. Please show
input only the rewritten sentence.

Pstasic(input)

& Dynamic Prompt

this location is super The input is "this location is super busy
busy and really could m—— 0 really could use double the staff.”
use double the staff. The negative aspects of the input nclude
mput "location, siall", Rewrite the input with
Axpect Sentiment positive sentiment while preserving the
ABSA | W [location |negative | ™% senliment-free content. Please show only
staff | negative the rewritten sentence.

Paynamic (input)

B7 : Static, & UfDynamic Prompt Dt

4-4.  BRLGTAVTFERAVETIRARRESAVER, RUXABRETARINDHBEIZEST
FRRREAIWEBRFE (BRHX9)
EREOLTEDAUBSI 3 ETRHREEGDXDARERELIZEE, ZITFITHEEMGH
SESZDEMFERITONT, 2BEIRELE:. —DBIE, XOREE, FOTARINTHIE
EEARICHBMLIZLET, BEENEANBTEL AT EFETHY, £5—2EBMHEA24250 3
VIZEBWT, TNETOEDEMKRLIz ETERETSEVSFETHDS. H8ICZEhZThDFTN

*RY.
— )
Input Content ——»[m
Source Target
Style Style

|<—Disentanglemen—>|<—3tyle Transfer—>]

Target
Style |

l«——Analysis—»|«——Entanglement——>|




H8: BT T O TN E SRV EH (ER), RUDBMFRICEDRE2IILER (TR)

BREES . VLT ADEE L FT MR

REEICEELIEZFE, RUSEE LR TRAREFEHEREL, JILI~DEHLLTES
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4 APRAERRIZESIFNSNEIN—RE

%£9, Web site LTI S &IckY, HRAMEESDOHBKICEILT—F2X—X %
AL, ZEZHRICERNTORITEZRT. FEMLGD T+ — XYY TIE, HIZ THFH
D SEB L-EUMGTHEZERT S LICLY, BREERLI—TFHELHERBIX
TLZBEET. TRk BFHERANSTIVEX, ERMNMIENT, EETORAEERT
5. E, FE7E-—LBPERAHRMTERSALTO7— MIEWT, LM
fESE L TRVAFSATVSIEBIE TRIEEICET S MME] THEHZ ENHRESH
TW3. APROI—ILTHSH, i1Fal] ZBRLUAMMEREG, FESEICEEREERT
SAMBEETHE D, AARTHELEEMEFENICEREARBRG TN ESE
ATLS.
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